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From IT to I-It: Digitalization, datafication, automation, and 
the teacher-student relationship 

Pekka Mertala1 

Abstract: This conceptual article theorises the tensioned interplay between
digitalization, datafication and automation and subjectness in education by asking what 
intensifying datafication and automation means for teacher–student relationships and 
how we understand and approach education. Theoretically, the paper draws on Buber’s 
ideas of the dialogical I–Thou and objectified I–It as the key forms of human relationships. 
The core argument is that increasing datafication and automation steers the teacher–
student relationship towards an objectified I–It relationship instead of the dialogical I–
Thou relationship, which Buber (and others such as Biesta, another main influencer of the 
present paper) saw as the ideal. Literature-informed examples of various forms of 
educational datafication and automation are provided to support and concretise the 
arguments. 
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Introduction 

The development and affordances of predictive analytics may impact how teachers and other educational actors think about and 
teach students and, more broadly, how society understands education. (Jarke and Magilchrist, 2021, p. 1) 

The above citation neatly captures one of the most important educational questions of our era: what 
intensifying digitalization, datafication, and automation means for teacher–student relationships and the 
way we understand and approach education. The digitalization (of education) refers to two things: the use 
of digital resources in teaching and the digitalization of the content and goals of education (e.g., the 
inclusion of computing education in the curricula) (Mertala, 2020). Datafication, in turn, refers to the 
transformation of social action (e.g., learning) into (online) quantified data allowing for real-time tracking 
and predictive analysis (Mayer-Schonberger & Cuckier, 2013). Lastly, by automation, I mean the 
replacement of human labor with independently operating digital systems (Merriam-Webster, n.d.), one 
concrete example of which is automatic attendance monitoring (Selwyn, 2022). 

These topics have been pondered by others as well. Selwyn et al. (2021) expressed their concern that 
the data-driven automation of education presumes the eradication of the subject, while Sefton-Green and 
Pangrazio (2022) have written about the death of the educative subject. The core argument in these writings 
has been that the logics of datafication and automation are at odds with the idea of subjectness— “the 
arrival of the ‘I’ in the world as subject of its own life, not as object of forces or desires from elsewhere” 
(Biesta, 2022, p. vii). As Selwyn et al. (2021) summarised:  

Actual subjects can behave in inconsistent, irrational or even resistant ways that threaten systems of control, 
management and governance. In contrast, the automated subject is ‘perfectly self-identical’—therefore fitting neatly 
within the constraints of datafied predictability. (2021, n.p.) 

This tension appears to be especially extreme in childhood education (preschool, primary school, 
and secondary school). O’Neill et al. pointed out that simply due to physical growth and development, 
“the child as an indeterminable figure refuses to be captured in ways desired by the biometric technicians 
and apparatuses” (2022, p. 8). Pierlejewski (2020), drawing on psychoanalytical theories, expands this view 
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to children’s ways of being, as she argues that under datafication the “chaotic id-driven child must be 
suppressed and replaced with measurable, ordered, predictable data” (Pierlejewski, 2020, p. 471). 

In this article, I theorise the tensioned interplay between digitalization, datafication, automation, and 
subjectness in education. To complement the works cited above, I draw on the relational view of 
subjectness, especially Buber’s ideas about philosophy of dialogue, which is commonly regarded as a 
fundamental source within relational theory (Aspelin, 2020).2 In his seminal work I and Thou (1937), Buber 
established a taxonomy and typology to describe the kinds of relationships into which a human being can 
enter. The main ideas in Buber’s thinking was that people relate to the world and to each other in two 
different ways. In the I–Thou relationship, subjects meet one another in their authentic existence, without 
any objectification of one another. In the I–It relationship, the other is objectified as a mental representation, 
created and sustained by the individual mind. As Karjalainen summarised, the I–It relationship is 
“characterized by objectification and categorization, such as classifying things and human beings based on 
advance information and previous experiences” (2021, p. 37). 

Datafication and automation bring new perspectives to Buber’s ideas, especially to the I–It 
relationship. Today, the representation of a student is no longer created and possessed (only) in the mind 
of an individual (here, the teacher), but also through and as data points that are (automatically) analysed 
and visualised via different (often interlinked) platforms. Through these processes a “data doppelganger” 
(Pierlejewski, 2020) is created from/for each student.  

My argument is that increasing datafication and automation steers the teacher–student relationship 
towards an objectified I–It relationship instead of the dialogical I–Thou relationship, which Buber (e.g., 
1967) (and others such as Biesta (e.g., 2016), another main influencer of the present paper) saw as the ideal. 
In the sections below, I will engage in dialogue between the works of Buber and Biesta, critical research on 
the digitalization, datafication, and automation of education, and material from edtech companies to 
provide a rich and contextualised account of the risks to relational subjectness that emerge in and through 
teacher–student relationships caused by the datafication and automation of education. To ensure the article 
appeals to a broad readership, it focuses on concrete cases involving software applications (e.g., ClassDojo, 
Eduten Playground, learning management systems) used at various stages of childhood education, 
including preschool and the early years of primary education. 

I approach digitalization, datafication, and automation (in and of education) as being in a nested 
relationship with each other. The rapid development of digital technologies has enabled intensive data 
collection in schools, which has further provided the basis for automated practices such as personalised 
instruction based on predictive learning analytics. A similar nested relationship is present in the images of 
children/students: Put differently, I will show how the I–It dominant view of children already existed in 
the pre-datafication and -automation era of the digitalization of education. 

I–Thou and I–It in Education 

For Buber (1937), I–Thou was an achievable and perceivable relationship. Some Buber-inspired 
scholars, however, have approached the I–Thou relationship as an “ethical ideal for authentic life with 
others in the world” (Charme, 1977, p. 171) rather than as a realistic relationship. Additionally, the unique 
nature of the educational relationship and the educator’s desire to influence the educatee challenge the 
emergence of I–Thou—a paradox whose existence Buber (1937) also explicitly addressed. As put by 
Aspelin: 

Inevitably, teaching has an instrumental function: one party has the task of influencing another party in order to 
achieve certain goals, by using certain means and certain content. This function, and the relational structure that is 
attached to it, implies an ‘I–It’ attitude. (2020, p. 7) 

Thus, it is worthwhile to ask whether education is only possible as an objectified I–It relationship, to 
which my answer would be no. First, it needs to be acknowledged that the relationship between I–It and 

_____________ 
2 The present paper is by no means a definitive or in-depth account of Buber’s educational philosophy. Those interested in looking more deeply at his thinking might find the 
works by Aspelin (2020) and Karjalainen (2021), alongside Buber’s original publications, worth reading. 
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I–Thou is not necessarily binary. Perhaps the best way to exemplify the shortcomings of a binary view is 
to think about what would be an absolute form of I–It. One way to approach this question is to 
conceptualise an absolute I–It as dehumanization (Haslam, 2006), where other people are objectified by 
denying their humanness. The most extreme examples of dehumanization are the ways in which “Jews in 
the Holocaust, Bosnians in the Balkan wars, and Tutsis in Rwanda were dehumanized both during the 
violence by its perpetrators and beforehand through ideologies that likened the victims to vermin” 
(Haslam, 2006, p. 253). It is fair to argue that I–It relationships produced by digitalization, datafication, and 
automation are not comparable with the extreme human rights violations mentioned above. Even though 
there are rather strict predetermined objectives for what students should become, their humanness is not 
contested or challenged. 

On the other hand, reducing students into data points hardly implies the presence of an I–Thou 
relationship either. To overcome this issue, I suggest that we imagine I–Thou and I–It as a continuum whose 
ends are marked by the absolute forms of the two relationships. Buber (1967) noted that while I–Thou is an 
achievable relationship, it is not a permanent stage but happens in fleeting moments (see also Aspelin, 
2020; Karjalainen, 2021). As a result, the vast majority of our interactions with other people happen in the 
“gray area” in which there is always some It in Thou and vice versa. 

Formal Education as Instruction and Pedagogy 

When we discuss digitalization, datafication, and automation in and of education, it is important to 
consider what we understand by education. According to Biesta and Miedema (2002), education can be 
understood as instruction and pedagogy. The instructional view emphasises measurable and testable 
outcomes, knowledge, skills, and a transmissional approach to education (Biesta and Miedema, 2002), 
whereas pedagogy refers to the “idea of a special, affectively charged relationship between teacher and 
child” (Friesen, 2017, pp. 733–734) —a loving attitude from the adult, as pedagogue, directed toward the 
physical security and social, emotional, and educational wellbeing of the child as student (Hatt, 2005). 
Indeed, teachers working with students of various ages have argued that their main task is to educate the 
“whole child,” that is, promote the holistic wellbeing of students, including their social, emotional, and 
physical needs (e.g., Biesta & Miedema, 2002; Lasky, 2005). 

Instruction and pedagogy are not mutually exclusive. Instead, formal education typically aims to 
provide students with observable and measurable skills, competences, and traits, as well as more 
ambiguous qualities. In more recent work, Biesta (2020) distinguished three dimensions of education: 
qualification, socialization, and subjectification. Qualification refers to society’s need to qualify children for 
future professions. Socialization, in turn, takes place when young people are introduced to an existing 
societal order (Biesta, 2020). While these two dimensions have important purposes, to respect students’ 
individuality, they need to be complemented with subjectification, which is about “our freedom as human 
beings—how I exist as the subject of my own life, not as the object of what other people want from [and of] 
me” (Biesta, 2020, p. 93).   

Figure 1 summarizes my interpretation of the relationship between Biesta’s and Buber’s ideas. 
Qualification and socialization are located closer to the I–It end, as they both rely heavily on predetermined 
objectives of what children should become. Subjectification, in contrast, is placed closer to the I–Thou end 
of the continuum, emphasizing students’ freedom to be and become their unique selves. 

 
Figure 1. I–It and I–Thou as sliding scale 

The relationship between pedagogy and instruction is not balanced, but the instructional view is the 
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dominant one in the contemporary educational sphere. At the level of educational praxis, education as 
instruction is present as tests, assessments, and rankings. Traditionally, tests were held periodically, for 
example at the end of a teaching term. The digitalization of education, however, has inserted the logic of 
testing into the realm of everyday schooling. One—perhaps the most—profound example is the use of 
learning analytics. Let us take ViLLE, a learning analytics platform used in roughly half of Finnish schools 
(Mertala, 2021) as an example. The designers state that the software “automatically recognises students’ 
learning misconceptions in mathematics based on the information collected from their submissions” 
(Learning Analytics, 2019, n.p.). They also refer to a study which suggests that the algorithms of ViLLE 
predict learning misconceptions as effectively as a widely-used pen and paper test (Laakso et al., 2018). 
According to the website, the only difference is that “automatic analytics enables real-time viewing of 
information without a separate test” (Learning Analytics, 2019, n.p.). In other words, students are 
unconsciously taking a test every time they use the application 

Different views on education also entail different understandings of what and who students are. In 
the instruction-oriented view, students are seen primarily as adults in the making whose education is 
largely determined by the needs of working life (qualification) and the existing norms and values of society 
(socialization). Both Buber (1968) and Biesta (2016) express their dissatisfaction with education which aims 
to train students to meet certain predefined standards by operating within specific set rules outlined by 
others. Biesta argues that education “isn’t a mechanism and shouldn’t be turned into one” (Biesta, 2016, p. 
4); nor should it be seen in terms of a single “truth about what the child is and what the child must become” 
(Winter, 2011, p. 538). Buber, in turn, warns against education in which influencing the lives of others has 
become “a function and a law” (1968, p. 100). In the pedagogy-oriented view, students are primarily seen 
as unique subjects with no fixed and predetermined future (subjectification). In Buberian terms, the 
instructional teacher–student relationship can be approached as an I–It relationship, whereas the 
pedagogical teacher–student relationship resonates better with the I–Thou relationship. In the following 
sections, I present examples of the ways in which data-driven and automated educational practices are 
built on and work in favor of the I–It-oriented relationality. 

The Image of The Child in the Digital Age 

The distress about the eradication or slow death of subjectness is mainly seen as the result of 
datafication and automation of education (see Jarke & Magilchrist, 2021; Sefton-Green & Pangrazio, 2022; 
Selwyn et al., 2021). However, it is important to acknowledge that the roots of an objectified image of 
children lie deeper in the digitalization of education. Indeed, children and technology appear to be a 
combination that evokes rather spectacular and extreme imaginaries. Selwyn (2003) analysed how children 
and technology were represented in media and political discourses from 1980 to 2001 and identified six 
themes: 1) the “natural” child computer user; 2) the “successful” child computer user; 3) the “adult” child 
computer user; 4) the “dangerous” child computer user; 5) the “victimized” child computer user; and 6) 
the “needy” child computer user, each of which portrayed children in a decontextualized manner, 
regardless whether the tone was optimistic or pessimistic. 

Had the data been collected a little later, the “natural child computer user” would have most likely 
been the dominant theme. In October 2001, Prensky published an opinion piece entitled “Digital natives, 
Digital Immigrants,” in which he claimed that “our students today are all ‘native speakers’ of the digital 
language of computers, video games and the Internet” (2001, p. 1) because digital games, the Internet, and 
mobile phones had been an integral part of their lives since birth. While there were no data or research 
studies to back up these claims, Prensky’s evocative article became a massive influencer for educational 
practice, policy, and research (Kirschner & De Bruyckere, 2017; Mertala et al., 2024). The fact that the term 
“digital native” comes up with more than 3 billion results in a Google search gives an idea of the ubiquity 
of the concept. 

While the idea of children “being naturally adept user[s] of technology” (Selwyn, 2003, p. 355) dates 
back to the 1980s, Prensky’s (2001) article can be seen as a catalyst for establishing the idea of a digital 
generation. Prensky, for example, argued that due to digitalization, “today’s students think and process 
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information fundamentally differently from their predecessors” (2001, p. 1) and therefore called for a major 
reformation of formal education. Looking back, one major theme in pro-digitalization discourses has been 
that digitalization builds bridges between formal education and students’ lifeworld outside the school: The 
use of digital technologies makes school more relatable for students and enables them to deploy their 
technological proficiency for learning curricular content (e.g., Yu & Couldry, 2022; Mertala, 2020).  

On a superficial level, the logic would appear to promote I–Thou relationships as the content and 
methods of education are reformed to meet the needs of the new “digital generation.” The problem, 
however, is that such a generation exists only in our imagination (see Kirschner and De Bruyckere, 2017 
and Mertala et al., 2024 for a review of the lack of empirical evidence). To draw on Buber’s concepts, a 
“digital native” (or any other reductive generational label) is an “It”—a categorised and objectified image 
of the other (see Karjalainen, 2021). As Buber (e.g., 1968) and Biesta (e.g., 2014) noted, such a starting point 
has undesirable consequences for education and teacher–student relationships—a view supported by 
research: Mertala (2020) studied digitalization processes in Finnish basic education and found that if the 
students did not fit the alleged image, their views and feedback regarding the digitalization of school 
practices were not taken seriously. Instead, students’ critical reactions were deemed unintelligible or 
considered to be caused by unrealistically high expectations.  

Paradoxical Promises of Personalization 

The implicit message of the digital native myth is that all children are the same. The datafication and 
automation of education, however, appear to follow a different line of thought. The utility of datafication 
and automation is often backed up with promises of the personalization of teaching and learning, which 
revolutionises the traditional classroom where all students are taught the same content, in the same ways, 
at the same pace (Yu &  Couldry ,2022; Watters, 2021): The more data we have about students, the more 
unique learning pathways we can carve out for them. Indeed, the proponents of learning analytics have 
argued that to be truly personalised and effective, learning analytics should be allowed to include personal 
information, including online behavior outside the learning management system (LMS), as “such data 
includes much potential for understanding and optimizing learning processes” (Ifenthaler & Schumacher, 
2016, p. 933). 

That said, the correspondence between the promises of personalization and the technical “reality” is 
far from optimal. Many of the technologies used in schools today draw on behavioristic theories, which 
are—metaphorically speaking—smoke-screened by their use of concepts that do not carry the undesired 
behaviorist legacy: instead of conditioning, we are just talking about guidance and nudging (see Watters, 
2021). One example is an intelligent system: a computer program in which a scenario of how an individual 
should ideally interact with a learning task is modeled. After the task is completed, the individual’s actual 
performance is compared to this so-called expert model, and the system locates those points where the 
individual’s mental functions have deviated from the ideal. Based on the comparison, the system provides 
students with feedback that seeks to align their activities with the ideal model (Selwyn, 2019). Put 
differently, personalization, in such cases, means that there is variation in the pace and the order of the 
tasks, but—in the optimal situation—each route would lead to the same predefined outcome.  

A similar logic is present in LMS, which predict students’ performances. Jarke and Magilchrist 
described the functionalities of one such software, Brightspace Student Success System, by deploying 
quotations from the company’s website:  

The ‘simplified, interactive reports make risk patterns easier to see’, and a ‘success index’ shows students’ predicted 
grades […] Instructors can compare ‘a struggling student’s content usage, grades, and social engagement’ ‘at-a-
glance’ in order to ‘find the cause faster’, with ‘interactive winloss charts’ that show ‘a student’s position relative to 
course expectations’. (2021, p. 7) 

As shown in the excerpt, there are explicit course expectations to which each student’s performance 
is compared. If a student’s LMS data indicate actual or potential risk (which the software promises to detect 
“as early as two weeks into a course (Jarke & Magilchrist, 2021, p. 7)), the teacher is alerted to take actions 
to get the student back on track—that is, to produce LMS data that indicate they are meeting the course 
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expectations. 

Williamson’s (2016) analyses of children’s health apps used in schools offer one more relevant 
example of how digitalization, datafication, and automation work within the logics of predetermined 
objectives for (health and physical) education. As in an intelligent system, health apps are built around an 
ideal model of a child, as “these devices classify the child as normal or aberrant, and then generate 
pedagogic prompts that are intended to change their bodily behaviours to fit ideals about socially fit 
biocitizenship” (Williamson, 2016, p. 407). 

As shown via the examples above, for a machine/software, the child is always It: a malleable object, 
which needs to be steered towards a predetermined goal. Therefore, the more datafied and automated 
education is, the more there is It in Thou, including in teacher-student relationships. The cogency of this 
argument is partly rooted in the history and present of the automation of work, which, throughout its 
history, has emphasised and increased standardisation, control, efficiency, and speed (Crawford, 2021). 
While the teacher-student relationship is hardly comparable with that between the employee and the 
factory/business owner, it would be naive to claim that socio-technological processes work completely 
differently in educational contexts. On the contrary, the use of digital technology appears to standardise 
both teachers’ and students’ work based on top-down predetermined objectives (Daliri-Ngametua et al., 
2022), which reflects the global education policy trend emphasizing performance monitoring and 
accountability (Hardy & Lewis, 2017).  

One concrete example of accountability is the way students’ performance data are often used as a 
straightforward indicator of a teacher’s performance. If the performance scores are low, the teacher is the 
one to blame (Daliri-Ngametua et al., 2022) and may even be dismissed if the grades do not meet 
expectations (O’Neil, 2016). Thus, teachers are compelled to “teach to the test” instead of “teaching for life,” 
to use the old but representative expression about the steering force of standardised testing. The more the 
teachers are engaged in education as instruction, the less room remains for pedagogy and approaching the 
whole child—a topic discussed in more detail in the following sections. 

A Machine-Readable Whole Child? 

One could, of course, argue that there is no conflict between datafication and the whole child 
approach for at least two reasons. According to the first argument, students’ emotional, social, and physical 
states and developmental traits can be captured and datafied as well. The rationale here is that data 
technologies are able to capture and “understand” complex phenomena such as health and emotions and 
thus provide a robust foundation for I–Thou relationships. IBM, for instance, promotes its Watson Element 
for Education app by stating that it “enables a new level of engagement for teachers by providing a holistic 
view of each student at their fingertips” (Yu & Couldry, 2022, p. 132).  

A glance at contemporary schools suggests that evocative promises like the one cited above are taken 
seriously, as they appear to make intensive use of data: Covid-19 and periods of distance education have 
made learning analytics an integral part of education (Beerwinkle, 2021; Mertala, 2021). At the same time, 
the use of wearables, such as activity wristbands and sports watches, and smartphone-based 
health/exercise applications has become more and more frequent in physical education (Lupton, 2021), and 
modern school buildings are equipped with sensors that can capture and react to classrooms’ carbon 
monoxide levels in order to provide students with the optimal conditions for studying (Mertala, 2021). 
Additionally, a wide range of technologies is used to identify, monitor, and shape students’ behavior, 
emotions, and social skills (Andrejevic & Selwyn, 2020; Manolev et al., 2019).  

The second argument is that automation of some educational processes and practices would allow 
teachers to put more resources into sensitive interaction with their students (Eynon, 2022) —a view well 
captured in the following extract from the edtech company Eduten’s website:  

Eduten Playground’s exercises are automatically assessed. Instead of never-ending pop quizzes spend more time on 
providing personal guidance and support to those of your students who need it right now. (EduTen, 2021, n.p.) 

Put differently, the automation of instruction and/or routine work, such as the assessment of tasks, 
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would provide teachers with more time and opportunities to develop genuine relationships with their 
students. The logic behind this rationale is that some forms of I–It relationships are acceptable because they 
provide more opportunities for I–Thou relationships to occur.  

While both lines of thought seem logical, they contain some severe problems. Let us begin with the 
datafication of the so-called soft skills. Biesta and Miedema (2002) identified that in an instructional-
dominant zeitgeist, the pedagogical dimension of education also follows the logics of instruction. 
According to them, in such situations “the pedagogical task [is] […] conceived in terms of the transmission 
of specific norms and values and related knowledge and skills in order to bring about ‘appropriate’ 
behavior” (Biesta & Miedema, 2002, p. 177). In other words, in an instructional zeitgeist the pedagogical 
dimensions of education, for instance the teaching and learning of social skills, are standardised in a similar 
manner to academic subjects. Biesta and Miedema’s (2002) words resonate with those of Manolev et al. 
(2019) in their analysis of the classroom behavior management software ClassDojo.3  

According to Manolev et al. (2019), in ClassDojo, student behavior is displayed in the form of 
numerical data which function as a representation of the student. As a result, students become behavioral 
data points from which decisions can be made about the teaching and learning of social skills. It is highly 
questionable whether numerical data are capable of adequately representing the social, as they tend to 
obscure ambiguities and limit the explanatory possibilities necessary to adequately represent the 
complexities of social life (Selwyn, 2015). Behavioral data points tell us nothing about the contextual 
elements behind the behavior. Indeed, technologies such as ClassDojo have been criticised for approaching 
behavior as an individual psychological phenomenon (Manolev et al., 2019).4 In such views, behavior and 
possible changes in it depend on the individual’s own actions, and the application does not take into 
account that behavior and its evaluation are always phenomena produced in a certain context. Thus, as 
Manovel et al. (2019) put it:  

ClassDojo’s numerical representation of students through behavioural data is a form of reductionism, dismantling 
the complexity of behaviour in order to facilitate the governance of students via classification, rankings, comparison 
and the like. (2019, p. 45) 

The same reductionist logic is present in automated emotion recognition. Let us briefly examine the 
marketing material of the edtech company Viatech (2018), who claim on their website that classroom 
performance can be maximised through the use of facial recognition technology (FRT), because it 

...can help teachers recognize different student emotions in class, measure their levels of interest, frustration, and 
comprehension, and use this information to adjust their styles accordingly. With FRT, teachers will be able to change 
their pace of instruction and tailor their classroom instruction to maximize students’ involvement and performance. 
(2018, n.p.) 

There are several issues with these assertions. Firstly, using facial expressions as indicators of 
emotions is unreliable. Additionally, FRT discriminates based on race, often interpreting faces of people of 
color as expressing more negative emotions compared to white individuals, marking them as more angry 
and contemptuous (Crawford, 2021). It's also crucial to recognize that children's faces undergo significant 
changes throughout their school years: the inherent flexibility and constant evolution of a child's face pose 
a challenge for its accurate modeling and algorithmic representation, making it especially hard to capture 
through algorithms (O’Neill et al., 2022). Second, even though the description of the software implies that 
it enables more sensitive education, it actually intensifies I–It relationships, as teachers relate to students 
based on the software analyses of the emotional landscape of the class. Put differently, if the software 
informs the teacher that students are feeling bored, she or he may relate to them as such regardless of 
whether the software has detected the emotional stage correctly or not. 

_____________ 
3 For those not familiar with ClassDojo, a brief description based on Manolev et al. (2019) is offered below. ClassDojo is a software that is compatible with most mobile devices 
and personal computers with online connectivity. Initially, teachers must create a class list in which each student is represented by a customizable ClassDojo monster avatar. 
Teachers then choose the behaviors and/or skills they wish to target and develop in students. Teachers can select from a range of default options, or they can customize their own. 
Once this is done, teachers can begin implementing ClassDojo at its most rudimentary level by rewarding students with points for desired behavior and penalizing them by 
taking points away. For visual information, see https://www.classdojo.com/  
4 It should be noted that the criticism that datafication and automation neglect the social and contextual dimensions of education is not restricted to behavioral datafication but, 
rather, seen as characteristic of all datafication and automation (Jarke & Magilchrist, 2021; Selwyn et al., 2021). 

https://www.classdojo.com/
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The second argument—that datafication and automation would save teachers’ time for meaningful 
interactions with students—is contested by empirical research. There is a great deal of hidden human labor 
behind the automation of different services and practices (Crawford, 2021), and education is no exception. 
Research in Australia and the UK (e.g., Bradbury & Roberts-Holmes, 2017; Daliri-Ngametua et al., 2022) 
has shown that generating digital data in schools leads to an increase in human labor. This includes both 
officially recognized tasks and less noticeable work related to infrastructure maintenance and repair  

Additionally, there is evidence that the automation of what are considered time-consuming routine 
tasks actually diminishes teachers’ possibilities to create meaningful interactions with their students. One 
example of such practice is automated attendance screening/roll calling, which relies on AI-based facial 
recognition. To put it simply, students’ faces are screened at the beginning of the class, and the teacher (and 
school administration) automatically receives a report of who is present or absent. It is estimated that 
lesson-based roll calls take two and a half hours per week, which equals over 93 hours per year5—more 
than a month’s worth of the “learning time” and “lesson time” described by the FRT companies (Selwyn 
et al., 2022, pp. 5–6). It should be asked, however, whether roll calls are mere burdensome routine tasks, 
and the answer from teachers seems to be that they are not. 

Australian teachers in Selwyn’s (2022; see also Selwyn et al., 2023) study emphasised that roll calls 
are not just a way to check whether a child is in a classroom, but allow teachers to actually greet the child 
and welcome them. They also stated that “for a new teacher the roll is a crucial process to get to know who 
is there. With the repetition, by the end of term you do get to know their names” (Selwyn, 2022, p. 81). In 
addition, the teachers pointed out that traditional roll calls provide a chance to show a little discretion: “If 
a kid was having troubles and was persistently late you might opt to delay taking the roll until 10 minutes 
into the lesson so they don’t show up as being late yet again. If the roll is taken automatically in the first 
minute, then you don’t have that leeway” (Selwyn, 2022, p. 81). The extracts strongly suggest that 
automation of roll calls decreases teachers’ possibilities to build dialogical I–Thou relationships with 
students, as it takes away daily opportunities to greet the children, sense their moods, and create 
meaningful relationships with them. Additionally, preset rolls narrow teachers’ possibilities to express 
sensitivity to students’ challenging life situations as they allow no room for flexibility. To conclude, while 
automation of roll calls may increase the number of hours spent on learning and lessons—instructional 
education, in other words—teachers’ reports suggest that the very same time is taken away from pedagogy.  

Concluding remarks 

In this conceptual paper, I have addressed different kinds of pitfalls of intensifying digitalization, 
datafication, and automation of education for the nature of teacher-student relationships. Theoretically, I 
have drawn on Buber’s (1937) ideas of the dialogical I–Thou and objectified I–It as the key forms of human 
relationships to complement previous research on the same topic. Instead of treating I–It and I–Thou as 
mutually exclusive categories, I have suggested that the two could be approached as a continuum, as in 
our interactions with other people there is always some It in Thou, especially in the context of formal 
education. Furthermore, I have discussed Biesta’s (e.g., 2014) writings on the different forms (instruction 
and pedagogy) and purposes (qualification, socialization, and subjectification) of education to better 
contextualise Buber’s (e.g., 1937) ideas to formal education. 

My core argument was that digitalization, datafication, and automation, in their different forms, 
works within the logic that steers teacher-student relationships towards the objectified I–It relationship 
instead of the dialogical I–Thou relationship. During the course of this article, I have demonstrated how 
the objectified “It” is present in popular images of children and technology as well as in the more quotidian 
attempts to compress children and their learning and development into data points that enable automated 
practices.  

While my tone has been critical, I do not wish to present myself as a doomster—a writer of tragedy 
(Bigum & Kenway, 2005) —who sees digital downsides as an inevitable outcome of technology use in 

_____________ 
5 Calculated based on the number of school days in Finland  
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education. However, having a suspicious mind is essential in order to distinguish between the actual 
capabilities of the technologies and the extensive claims and promotional activity embedded in discourses 
around digitalization, datafication, and automatization of education, which are certain about events, thus 
leaving little room for alternate outcomes (Mertala, 2020). Certainty and determinism do not fit well with 
relationality and subjectification, which both emphasise the openness and unpredictability of education. 
Neither are they backed up by empirical evidence when it comes to the presumed benefits of technology 
use. Take learning analytics, a central application of the digitalization, datafication, and automation of 
education, for example. Learning analytics are often claimed to improve learning practices by transforming 
learning processes (e.g., Baer & Norris, 2017; Viberg et al., 2018).  

However, a review of 252 studies suggests that in only 9% of cases were learning outcomes improved 
via the use of learning analytics (Viberg et al., 2018). Put differently, while there are situations in which 
learning analytics may be beneficial, the number of such occasions appears rather limited. Thus, 
commonly-made bold statements such as “learning analytics holds the potential to transform the way we 
learn” (Baer & Norris, 2017, p. 309) are plausible only if the undesired I–It relationships are included among 
the possible forms of transformation.  

By the use of the word “possible” in the previous sentence, I wish to be explicit that while the 
arguments presented in this paper are grounded in a careful reading of the theoretical and empirical 
research literature, they are inevitably speculative and hypothetical. There is an urgent need for empirical 
research that aims for a comprehensive understanding of what intensifying datafication and automation 
means for student-teacher relationships. Contemporary technology- and data-saturated classrooms are not 
short of suitable and information-rich cases, as the various examples provided throughout this paper have 
illustrated. For instance, the “student at risk” dashboard stories (Jarke & Magilchrist, 2021) would provide 
an interesting context in which the theoretical and conceptual ideas presented in this article could be put 
into action.  
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